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Abstract Overview of Data Analyzing the Temporal Behavior of Jobs

GPGPU-based clusters and supercomputers have grown significantly in popularity over the
past decade. While numerous GPGPU hardware counters are available to users, their

potential for workload characterization remains underexplored. In this work, we analyze
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o We retrieved performance counter measurements collected by using the Data Center

GPU Manager (DCGM) [3], contigured with a 10-second sampling rate.
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